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Text and sentiment analysis is the process of deriving information from text sources. It is used for 

several purposes, such as: summarization (trying to find the key content across a larger body of 

information or a single document), sentiment analysis (what is the nature of commentary on an 

issue), explicative (what is driving that commentary), investigative (what are the particular cases of 

a specific issue) and classification (what subject or what key content pieces does the text talk about) 

(Gartner, 2012). It is estimated that the text and sentiment analytics industry as a separate industry 

exceeded the $1 billion mark in 2011 (Grimes, 2011).  On top of this already significant industry 

size text and sentiment analytics have grown exponentially over recent years, yet research 

companies in South Africa seem sluggish at best to adopt and implement this wonderful new world.  

It has become clear that through the technological origin of most text and sentiment analytics 

software it is very often the information/ technology/ communication department of typical research 

users that are first to begin experimenting and implementing text and sentiment analysis. Further 

flaming the fire of text and sentiment applications is the surge of social media connectedness and 

the analysis of the infinite amount of communication that takes place.  With technology it is 

possible to listen to and understand what is being communicated and again the sphere of this 

analysis seem to fall more often out of the realm of the traditional research field. One of the biggest 

reasons why Text analytics fall within the sphere of IT or Business Intelligence is because it is often 

seen as an enhancer of transactional Business Intelligence.  Seth Grimes explains how text and 

sentiment analytics enhanced typical transactional Business Intelligence analysis by tapping into the 

massive amount of text that surrounds typical transactional business intelligence information 

(Grimes, 2007).  Due to many reasons the origins of text and sentiment analytics does fall outside 

the traditional sphere of the market research industry, ~ but what is certain is that in the minds of 

business decision makers, it often serves the same purpose of providing insight of what customers 

are saying.  The argument can in fact be made that in the absence of rigorous research foundation, 

the use of unstructured data can be dangerous.  The research fraternity is ideally positioned to 

extract the maximum value from unstructured data analysis especially when this can be combined 

with empirical data analysis. 
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History 

 

Text analytics has its origins in the early 1950’s when a failed experiment to create a language 

translation machine.  By 1985 text analytics was already recognised as an important component of 

Business Intelligence when it was described in an October 1958 IBM Journal article, A Business 

Intelligence System.  The description of the 1985 article gives an eerily accurate description of 

modern day systems, making mention of the collection, categorisation, context extraction and 

reporting (Luhn, 1958).   

 

It seems as if early developments of a text analytics Business Intelligence strived for a fully 

‘artificially intelligent” algorithm ~ this was an unrealistic expectation, and between the 1960’s and 

1990’s the focus moved towards a combination of program and algorithm methods combined with 

user guided analysis.  Also during this period, despite the early recognition of the value that could 

be extracted from text, the focus of Business Intelligence focused on easier quantitative analysis 

tools within relational databases (Hearst, 1999).    

 

Early text analytics applications was used in government sponsored intelligence activities, searching 

for terrorist identifying patterns, as well as medical research focusing on searching for specific 

phrases or themes through mountains of biomedical literature. 

 

A breakthrough in Natural Language Processing was achieved in the 1980’s when computer 

processing power in conjunction with machine learning capabilities enabled the exponential growth 

in the abilities of machines to ‘appear’ intelligent (Pearson, 2011). 

 

In recent years there has been a scramble by Business Intelligence software suppliers to develop and 

improve text and sentiment analytics.  Even a few new business intelligence software companies 

emerged with its sole focus being on text and sentiment analytics (Grimes, 2007).   

 

Industry structure and worldwide size estimate 

 

From reports is seems that SAP and IBM through their respective modules are the leading market 

share holder of the text analytics industry.  However, due to the new start-up nature of the text and 

sentiment analysis industry many smaller companies are privately held, making it difficult to 

estimate revenues and growth rates accurately.   

 

Still, through rough estimates determined that the text and sentiment analysis broke through the $1 

billion level in 2011 (Seth Grimes, 2011).  What is more staggering is that the growth rate of the 

text and sentiment analytics industry since 2007 was at a low point of 13.4% in 2010, and 40% at a 

high point in 2007.  In other years it is conservatively estimated that the text and sentiment analysis 

industry grew on a steady rate of close to 25%.  Extrapolating these growth rates on already sizeable 

market and with the prediction of market analysts it is foreseen that the text and sentiment analytics 

industry could reach the height of the CRM platform industry of $16.5 billion in 2010, and the 

Business intelligence industry of $10.5 billion, within the next few years.  This would make the 

global text and sentiment analytics industry on its own, as large as or larger than the global market 

research industry.  Coupling the size of the market and attractive growth rate it difficult to dispute 

the merits of not entering this industry, on a monetary level at least.   

 

(http://breakthroughanalysis.com/2012/01/05/text-analytics-in-2012/; 

http://www.informationweek.com/software/business-intelligence/text-analytics-demand-

approaches-1-billi/229500096, http://smartdatacollective.com/sethgrimes/44384/how-i-estimate-

socialsentimenttext-analytics-market-size, http://www.slideshare.net/SethGrimes/text-analytics-for-

http://breakthroughanalysis.com/2012/01/05/text-analytics-in-2012/
http://www.informationweek.com/software/business-intelligence/text-analytics-demand-approaches-1-billi/229500096
http://www.informationweek.com/software/business-intelligence/text-analytics-demand-approaches-1-billi/229500096
http://smartdatacollective.com/sethgrimes/44384/how-i-estimate-socialsentimenttext-analytics-market-size
http://smartdatacollective.com/sethgrimes/44384/how-i-estimate-socialsentimenttext-analytics-market-size
http://www.slideshare.net/SethGrimes/text-analytics-for-dummies-2010
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dummies-2010, http://www.allanalytics.com/document.asp?doc_id=259586&page_number=1, 

http://www.b-eye-network.com/view/15219) 

 

Furthermore, according to the GRIT winter 2013 report (GRIT, 2013) 32% of companies surveyed 

used text and sentiment analytics during 2012 while 37% of companies are considering 

implementing text and sentiment analytics in 2013.  This means that in 2013 nearly 70% of global 

GRIT participating companies will use text and sentiment analytics.   

 

There is a sense that this level of implementation is not happening amongst South African 

companies, including research users and research suppliers.   

 

How does text and sentiment analytics work? 

 

There are a vast array of text and sentiment analytics software, packages, modules and programs 

and each of these has its own set or sets of algorithms.  What is an almost universal component of 

text and sentiment analytics in all these solutions are a natural language processing engine or 

algorithm.  In fact many text and sentiment analysis packages utilise an array of natural language 

processing engines.  In conjunction with natural language processing, machine learning and 

advanced clustering, regression and correlation analysis are also typically part of the engine-room 

of many of the text analytics solutions. 

 

The first step in Natural Language Processing is called tokenisation.  Tokenisation breaks the 

stream of text into words, phrases, symbols, or other meaningful elements called “Tokens” ~ words 

such as doesn’t are broken up into root form “does” & “not”; the sentence structure is identified in 

nouns, verb’s or auxiliary verbs, negators, adverbs and adjectives.  Through machine learning the 

sentence is disambiguated using speech tagging where the different semantic recogniser are 

assigned to  ~ for example words such as ‘kind’ can be used as a noun (it is a kind of sweater) or a 

verb (she was kind to the old lady).  Parts of the speech can be determined, but at some point 

human input are required to build exception rules into the specific analysis.  Then, relationship 

between words are established, for example how the adjective, noun and adverb relate to each other, 

for instance ‘manager’ + ‘friendly’, ‘soup’ + ‘too’ + ‘thin’, ‘waiting time’ + ‘too’ + ‘long’.  From 

here it gets complicated with advanced linguistic algoriths such as ‘claus detection’, ‘anaphora 

resolution’, ‘disambiguation’, multiple word phrases and lexical affinities.  Lastly the breakdown of 

the sentence is extracted, compiled and put in a report format for human consumption and 

interpretation.   

 

Sentiment analysis or scoring are done by assigning a quantitative score of high (good) or low (bad) 

to adverbs, negators, emotional loadings and contextual descriptors, also accounting for direction 

indicators such as ‘not’ (not friendly or I have ‘no problem’).   

 

Software Suppliers and Applications 

 

Many of the large corporate software suppliers has a text mining or text analytics module 

 

Text mining computer programs are available from many commercial and open source companies 

and sources. 

 

  

http://www.slideshare.net/SethGrimes/text-analytics-for-dummies-2010
http://www.allanalytics.com/document.asp?doc_id=259586&page_number=1
http://www.b-eye-network.com/view/15219


© SAMRA 2013 – Conference Delegate Copy   4 

Commercial 

 

 AeroText 

 Angoss  

 Lexalytics Salience Engine 

 Attensity  

 Autonomy 

 Basis Technology 

 Clarabridge 

 Endeca Technologies 

 Expert System S.p.A. 

 Fair Isaac 

 General Sentiment 

 IBM LanguageWare 

 IBM SPSS 

 Inxight, Business Objects, SAP 

 LanguageWare 

 Language Computer Corporation 

 Lexalytics 

 LexisNexis 

 Mathematica 

 Omniviz from Instem Scientific 

 SAS Text Miner and Teragram 

 Smartlogic 

 StatSoft, STATISTICA 

 Sysomos 

 WordStat 

 Thomson Data Analyzer 

 

Various open source software and application are also available. 

 

Testimonials 

 

The testimonials hereunder are an extract of testimonials given to a specific text and sentiment 

analysis supplier, included with the permission of the supplier.  For the purpose of this document 

the supplier agreed to remain anonymous. 

 

Parrish Arturi; SVP Customer Experience; Fidelity Investments; 

“Great customer experience companies have a great ability and understanding of what the voice of 

the customer and the voice of the employee is.  Very often text and sentiment analytics was one of 

the primary sources of how these companies listen to what their customers and employees are 

telling them, and talking about them.” 

 

Jeff Mango; VP Business Intelligence; Verizon: 

“Text analytics is useful in understanding tons of information, and millions of customer comments 

to really understand what is the voice of the customer really telling you … and more importantly, 

how can you take that customer experience to the next level” 

 

Wai Au; Director Customer Experience; Sage Software 

Text analytics gives you a shortcut the more traditional way of finding what your customers are 

telling you, what things are broken 

 

http://en.wikipedia.org/wiki/Inxight
http://en.wikipedia.org/wiki/StatSoft
http://en.wikipedia.org/wiki/Sysomos
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Bruce Temkin; Customer Experience Transformist; Temkin Group: 

“I don’t think 5 years from now, any leading customer experience company will not be using text 

analytics.  I think it’s an important critical tool in customer experience management” 

 

Kenny Hunter; Manager Insights and Reporting; Best Buy: 

“Text analytics is really the primary tool that our analysts are using on a daily basis.  It’s taken our 

call centre to a primary source of customer insights intelligence” 

 

Hal Bloom; VP Market Research & Intelligence; Sage Software: 

“We believe to be very customer centric and we really want to understand our customers and that 

we can differentiate ourselves from the competition, and we use text analytics to understand how 

and where we stand in the marketplace” 

 

Rachel DiPento; Market Research Analyst; Charming Shopping Inc: 

“What we really wanted to understand (using text analytics) was collectively and holistically what 

the customers were“ 

 

Debbie Tsusaki; VP, Customer Experience; Choice Hotels: 

“With text analytics we were able to uncover a level of detail we were not able to do prior to 

installing text analytics” 

 

Tina Kurtz; Senior Strategy Manager; Walmart 

We can answer the ‘WHY’ when things are trending one way or another.   

 

Stanley Lucas; Director of customer insights; Charming Shoppes Inc: 

“We were able to show insight that goes beyond the number” 

 

Coleen Muegge; Program Manager; GE Appliances 

“The tool itself was very easy to use” 

 

Jennifer Schmidt; Director Marketing; Siemens Industry Inc. 

“Through text analytics the customer’s voice has grown so much throughout the organisation“ 

 

General Application of Text and Sentiment Analytics 

 

The general use of text and sentiment analytics is as wide as human communication and 

understanding of natural language content and context.   

 

An example of the wide scope of use for text and sentiment analytics is the IBM supercomputer 

Watson.  Watson works on the foundation of natural language processing and finding answers amid 

unstructured information.  “The goal is to build a computer that can be more effective in 

understanding and interacting in natural language, but not necessarily the same way humans do it.” 

(Etzioni, 2011) 

 

Furthermore, the strength of Google, in being able to seemingly understand content, is built with a 

vast array of algorithms, amongst other very advanced natural language processing algorithms not 

unlike the natural language processing used in text and sentiment analytics (Google, 2012). 

 

Also, text and sentiment analysis is used in governmental terrorist intelligence activities.  In fact, 

most seemingly intelligent machine applications use unstructured data analytics components ~ 

examples of this is targeted advertising employed by online services such as Google and Amazon.   
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Application of Text and Sentiment Analytics in market research, social sciences and business 

intelligence 

 

Some of the practical uses of text and sentiment analytics, according to Bruce Temkin include 

(Temkin, 2010); 

 

 Reducing warranty costs by spotting quality issues much faster 

 Identifying underperforming franchisees that need training 

 Cutting operational costs of manually categorizing customer comments 

 Quickly identifying the impact and severity of service issues 

 Understanding “why” metrics like NPS are going up or down 

 

It is believed that a large portion of research conducted in South Africa contains a quantitative and 

qualitative portion.  Such an example is large South African benchmark measuring customer 

satisfaction, and as part of this also includes a qualitative section for customers to explain their 

experience and perceptions in their own word.  An analysis was done where the quantitative results 

was compared to the sentiment score derived from the text and sentiment analysis. 

 

The graph hereunder illustrates the Sentiment Score for customers’ different answers on a 0 to 10 

point scale for overall satisfaction and likelihood to recommend.  It is clear that the respondents that 

answered a 0 or a 1 out of 10 for satisfaction and likelihood to recommend also have the lowest 

Sentiment Score, while respondents answering a 10 out of 10 have the highest Sentiment Score.  

The trend-line indicates a clear correlation between the different indicators. 

 

Figure 1:  Correlation between Overall Satisfaction, Likelihood to recommend and Sentiment Score 

 
 

Another comparison between the satisfaction score and Sentiment Score of a large retail outlet 

shows a correlation coefficient of 0.42; this is considered a moderate to strong positive correlation. 

 

The strong correlation between Satisfaction Scores, Likelihood to recommend (NPS) scores and 

Sentiment Scores that are based on open ended verbatims are encouraging.  The correlation 

indicates that there is a relationship between the quantitative and the qualitative, with the benefit of 

the verbatim being that it can provide a lot more context than what a single number can.   
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Text and sentiment analysis also proved itself handy with the analysis of in depth interviews and 

even focus groups.  Although, an important caveat was observed with the analysis and reporting of 

mainly qualitative data in that the text and sentiment analysis tool used saved a lot of time with the 

capturing, coding and structuring of the content, but a vast amount of human input was still required 

to  

 

Figure 2:  Theme detection of in-depth interviews project 
 

 
 

Of course the greatest fun is importing and analysing text and comments from social media such as 

Facebook and Twitter.  Hereunder are a few screen-shots of the Tweets of last year’s SAMRA 

Conference.   

 

Figure 3:  Theme detection of SAMRA Conference 2012 Tweets 
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Figure 4:  Word-cloud of SAMRA Conference 2012 Tweets 
 

 
 

Figure 5:  Relationship-cloud of SAMRA Conference 2012 Tweets 
 

 
 

South African market research, social sciences and business intelligence adoption of Text and 

Sentiment Analytics 

 

It is the authors experience that South African research companies are at best sluggish to adopt, let 

alone strongly push text and sentiment analytics.  It was experienced that text and sentiment 

analysis is more often initiated by the Business Intelligence departments or units within corporate 

research users.  This is to some extent understandable, considering the historical origins and 

Information Technology platform nature of text and sentiment analytics.  However, this being the 

case poses a significant threat to the market research industry in that typical research users can 

answer business problems through either solicited or even unsolicited customer feedback using text 

and sentiment analytics to easily collect, understand and interpret these comments within the 

business context.   

 

It has also been observed amongst various experienced researchers that they are hesitant to use text 

and sentiment analysis for two reasons: 

 

1) Researchers are more often than not ‘Learned Pessimists’ rather than “Learned Optimists”.  

Good researchers are pessimists, they question everything, they do not believe easily, unless 

there are sufficient proof ~ this is what makes a researcher good at his or her job.  
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Unfortunately this can also have the effect of making researchers slow adopters of new 

technology such as text and sentiment analytics 

2) The second observed reason why researchers are slow to adopt text and sentiment analysis is 

because they are sceptical that a program or platform can be intelligent enough to understand 

and interpret natural human language.  It is of course right to make this assumption, because 

text and sentiment analytics cannot do intelligent interpretation of natural human language.  

Researchers need to understand that text and sentiment analytics is merely a tool that helps 

them to add value and discover insight quicker.  It cannot replace human interpretation but it 

can be a very effective tool in helping humans to more quickly and efficiently discover insight 

and value. 

 

Risks and Opportunities for the market research and social sciences 

 

One of the more important realisations with working intimately on more than 50 projects using Text 

and Sentiment analysis is the sentiment shared by one of the leading developers of text and 

sentiment capabilities, Prof. Marti A. Hearst in the paper Untangling Text Data Mining (Hearst, 

1999): “… I suggest that to make progress we do not need fully artificial intelligent text analysis; 

rather, a mixture of computationally-driven and user-guided analysis may open the door to exciting 

new results” 

 

No machine or seemingly intelligent program or platform will anytime soon replace the human 

brains ability to understand, interpret and contextualise natural human language.  Text and 

Sentiment analytics software and platforms cannot provide insight and value to any organisation 

without the skilled and preferably experienced judgement of a human being.   

 

This gap has in fact been observed prevalent in many Text and Sentiment analytics software 

programmes, where software companies, typically focussing on software, are focussed on selling 

and installing software and not necessarily adding value through insights. 

 

To discover insight requires a skilled and experienced individual, a skill and experience that 

researchers naturally possess.  It is the belief of the author that as much as text and sentiment 

analytics pose a threat, it is also an opportunity to claim a stake as true experts of insight. 

 

The argument can in fact be made that in the absence of rigorous research foundation, the use of 

unstructured data can be dangerous.  The research fraternity is ideally positioned to extract the 

maximum value from unstructured data analysis especially when this can be combined with 

empirical data analysis and within the confines of rigorous research processes. 
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